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Abstract
This paper introduces the fuel properties into the wildfire spreading capacity index (WSCI), which
originally relies on multi-criteria of social, hydro-meteorological, and geo-physical character of the context.
Normalized Difference Vegetation Index (NDVI), Tree Cover Density (TCD), and land cover type are
launched as indicators of fuel properties of the vegetated surfaces being indexed. The materials and software
utilized here belong to a variety of open sources. CORINE Land Cover (CLC), Open Street Map (OSM),
TCD via Copernicus high resolution data, and multispectral satellite images via Landsat 8 (Semi-Automatic
Classification Plugin- SCP) are utilized as raw materials in a workflow in QGIS software. The study area is
Montenegro, a Mediterranean territory prone to wildfire risk. Following the inventory stage, the indexing
method relies on a normalizing procedure in QGIS and the assignment of weighted impact factor to each
criterion via analytical hierarchy process (AHP). The WSCI value is derived as the sum of the products between
the normalized class and the respective weighted impact factor of each criterion. The validation phase relies on
ROC curve of WSCI values utilizing burned areas as positive cases. The results show high wildfire spreading
capacities of vegetated areas of significant socio-economic and environmental profile such as the coastal zone
along Adriatic Sea and the trans-boundary regions as part of Balkan Green Belt. Besides the methodological
improvements the results of this work deliver tangible outputs in support of forest fire risk reduction means
within disaster risk management and fire safety agendas in Montenegro.

Keywords: disaster risk management; max-min normalization; ROC curve; QGIS; semi-automatic
classification

Introduction
The projected future scenarios of climate change report significant increase of mean temperature values
between 3.5 to 7 °C by the end of 21st century in the south-eastern Europe (Lelieveld et al., 2012). For example,
the projection being produced for the period between 2070 and 2099 foresee a decline of 70% in the
precipitation records during the hot seasons in some areas of southern Europe. The forest fires are expected to
become more frequent and further stretched in time as they are dependent on high temperatures and drought
(Adger et al., 2007). Furthermore, the Mediterranean region historically is vulnerable to desertification, due to
climate diversity and anthropogenic land consumption (Beguería et al., 2007). The correlation between
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wildfire events and both decreased precipitation levels and drought imply for a rising frequency and severity of
forest fires. The risk is expected to be increased simultaneously in three directions; total number of days per
year with fire risk, the elongated season of fire risk, and increase in the number of extreme events during the
wildfire seasons.
The western Balkans are specifically mentioned for a remarkable wildfire risk rise in the mountainous
areas (Moriondo et al., 2006). Thus, this study brings the case of Montenegro as a western Balkan country with
a geography consisting of considerable vegetated mountainous areas. Analysis on the tendencies of daily
temperature extremes between 1980-2010 has shown significant increase on both the annual number of
summer days recording daily maximum temperature above 25 °C, and the annual number of tropical nights of
nigh maximum temperature above 20◦C in Montenegro (Burić et al., 2014).
The complexity of wildfire phenomenon is not a very recent finding, as its intermingled profile is
previously stated in literature (Chapin et al., 2008). A complicated network of cause-effect cycles that are
present in the spatial context underline its multi-layered character (Levin et al., 2016). Thus, simultaneous
consideration of hydro-climatic, anthropogenic and vegetation factors in the landscape is helpful in a
comprehensive understanding of forest fire regimes (Costa et al., 2011).
In this context, this study follows a multi-criteria approach as developed by Hysa and Baskaya (2019),
which originally considers at the same time the social, environmental, and geophysical properties of the
territory. Here, we bring the fuel properties along with the others as they are determinant to both wildfire
ignition and spreading risk. The updated model is compared with the previous one which did not consider the
fuel properties due to lack of data. The test is based on ROC curve analysis via SPSS software, where the positive
cases are relying on burned surfaces. Corine land cover (CLC) data serves as the raw material for extracting the
burned geometries.
In total there are 14 criteria shortlisted as having considerable implication with wildfire spreading
capacity, the spatial information of which are provided through a diverse set of open source geospatial data.
The method is both time efficient and cost-free, being reproducible to other study areas. The results of the
study aim to serve as reference material to the institutions responsible of disaster risk reduction and fire
management at both national and regional levels.

Materials and Methods

Study area
The territory of Montenegro is selected as the study area of this research due to its relatively small surface
area, the presence of complex vegetation layers, and facing a considerable forest fire risk. Montenegro is a
country within the western Balkan region in the south-eastern Europe (Figure 1). The total surface area of the
country is 13812 km2 (Rajović and Bulatović, 2013). Despite its relatively small area, it is not rare to face a high
level of diversity of geomorphology and vegetation type within a short distance within the territory (Wraber,
1983; Frankl et al., 2016).
Montenegro is reported to have faced a significant increase in the total area of the vegetated surfaces
during the second half of the 20th century. This is related to the post-50s migration from rural lands to
urbanized centres being triggered by the process of industrialization (Nyssen et al., 2014). The distribution
pattern of the vegetation layer is defined by (i) the distance to the Mediterranean Sea and coastal areas and (ii)
the elevation above the sea level (regarding the temperate climate).
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Figure 1. The location of Montenegro within the European continent and the vegetation surfaces within
the study area based on CLC evidences of 2018

Forested surfaces of Montenegro
According to the final report of “The First National Forest Inventory of Montenegro”, 59.5% (about
826 000 ha) of the territory consists of forested surfaces and another 9.9 % (137 500 ha) of forestland. In other
words, both classes cover almost 70% (964 262 ha) of the total territory of Montenegro. Referring to the same
report, while the high forests consist of 51.1% (with 253.1 m3/ha), the remaining 48.9% (with 62.6 m3/ha) of
the forest surfaces belong to the coppice forest cover (Dees et al., 2013). The predominant forest surfaces are
portrayed by terminate canopy and by a considerable number of species of ground flora, shrubs and lower trees
as shown in Figure 2 (Curovic et al., 2011).
Andelic et al. (2012) report that within the forest fund of Montenegro there are registered 68 tree species
in total. Among them 57 belong to the broadleaves and the remaining 11 species are conifers. Yet the existing
forests include considerable degraded areas as well. The anthropogenic presence and social behavioural patterns
have a great effect on forest degradation. Proximity to settlements and the adjacency to the transportation
network and forest degradation has a strong correlation as common human practices like firewood harvesting
are more frequent.

Forest fires in Montenegro
The western Balkans countries are highlighted as geographies that will struggle with forest fires soon if
adequate preventive measures are not developed in time (Nemeth, 2015). According to the report of Forest
Fire Country Studies of Montenegro the records kept by the national Forest Administration for the period
2003-2007, the average surface area of territories that faced forest fire was 4800 ha. While the mean number of
fires was 53. According to the records between 2000 and 2015 in Montenegro there have been occurred at least
1000 large scale wildfires. The total estimated burned forest surface is approximately 15300 ha, and around a
total mass of 500000 m3 of timber were either lost or deteriorated. The Environmental Protection Agency of
Montenegro (EPAM) reported that during the 2009 fire season the region which has been affected the most
by forest fires is Bijelo Polje, while the least affected is Danilovgrad (Figure 3).
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Within the National Strategy for Emergency Situations, fires are categorized as primary hazards at the
national territorial scale. Furthermore, forest fires remain an important sub-category of this priority hazard
type. Records show that considerable deterioration and material losses have been caused by forest fires in some
complex forest habitats with unique properties or related areas with the National Parks and protected areas.
The Black Forest area and Barno Lake basin Mlinski streams, Zabojsko zones around the lake, Crna Poda, Tara
canyon and Susica river basin are among remarkable habitats which have been significantly affected by wildfires
(Kovacevic, 2011). For example, the forest fires of 2011 and 2012 seasons have caused significant fragmentation
among the forest cover in the Forest Park of Gorica, close to Podgorica (Andic et al., 2013)

Figure 2. Map of vegetation cover - forest structure in Montenegro (Nikolic et al., 2019)

Figure 3. Forest fires in Montenegro during 2009 season
(source: EPAM)
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Methodology and the workflow
This study relies on the method developed by Hysa and Baskaya (2019) for indexing broadleaved forest
surfaces by their wildfire ignition probability index (WIPI) and wildfire spreading capacity index (WSCI). The
original method did not include different types of vegetation or other criteria regarding fuel type due to data
unavailability. Instead, in this study certain fuel properties are introduced as significant input in the spreading
behaviour of wildfire. The procedure of the research builds on a workflow of five stages: preliminary, inventory,
refinement, indexing, and validation.
I.
First, the vegetated surfaces within the national borders are extracted from CORINE Land Cover data
(CLC) as the core areas of analysis. A set of regular point’s grid (500 m) which overlaps with the
vegetated surfaces is targeted as the main layer of reference points. This set will serve as pivot points to
be loaded the inventory measurements for each criterion.
II.
An important step of the study is the inventory phase. It follows the inventory method developed by
Hysa et al. (2017) which includes a procedure of recording the properties of the burned surfaces based
on a variety of criteria. At this stage, the point’s layer is calculated new field of attributes per each
criterion via QGIS field calculator.
III.
The loaded values of criteria are further normalized into a common range of values between 0 and 1
due to the diversity among individual range of absolute values. Furthermore, the refinement stage
includes the assignment of a weighted impact factor for each criterion. The method used here is the
analytical hierarchy process (AHP) pairwise comparison. AHP is used in multi-criteria assessment of
natural hazards like flood and landslide as well (Stefanidis and Stathis, 2013).
IV.
The main stage of the workflow is the indexing one. The WSCI values are calculated as a summation
of the products between the normalized values of each criterion and the weighted impact factor. Thus,
the WSCI value remains within a range between 0 and 1. The higher the WSCI value the higher the
wildfire spreading capacity of a certain location within the vegetated surface.
V.
The final stage consists of a tentative for validation of the method. The results of the study are
compared with surfaces which according to CLC data of 2018 are reported as burned during recent
years. Different from our previous work (Hysa and Teqja, 2020), at this stage we utilized the receiver
operating characteristic (ROC) curve test. The ROC graph and the area under curve (AUC) value
deliver quantifiable information about the reliability of the model. This analysis is performed in SPSS
software.

Raw materials and data accessibility
The method used in this study requires a variety of geospatial data. They are selected as open access data
and are derived via different data sources. CLC data which are available via European Environment Agency
(EEA) Copernicus program, provides information about the vegetated surfaces, urbanized area, agricultural
lands, and water surfaces. CLC data are provided at a spatial scale of 1:100000 where the minimum mapping
unit is 25 ha for surfaces and 100m for linear elements in the landscape (Büttner, 2014). Hydro-meteorological
information regarding solar radiation, precipitation, maximum temperature, and wind speed rely on raster data
(resolution of 30 seconds) derived from WorldClim database (Fick and Hijmans, 2017). They are counted as
monthly average values of July (between 1970-2000). Geophysical properties of the terrain such as slope, aspect,
and altitude are provided by digital elevation model (DEM) via EEA.
Besides, the social, environmental, and physical aspects, in this study there is a need for fuel properties
such as vegetation type, tree cover density (TCD), and normalized difference vegetation index (NDVI) which
are introduced into the model as three new fuel criteria as shown in Figure 4. Vegetation type is informed by
CLC data. Whereas, TCD is downloaded as a raster data from Copernicus portal (EEA).
Besides, NDVI data provide useful geospatial information about the land-surface properties including
the vegetation layer. The relevancy of NDVI value to the wildfire regimes is already reported in literature (Leon
et al., 2012). NDVI indexing which rely on the reflectance and absorbance capacity of vegetated surfaces is
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calculated as the ratio between the difference to the sum between the near-infrared (NIR) and red (RED)
ranges of electromagnetic spectrum (EMS) (Chen et al., 2004).

Figure 4. Three fuel criteria; (a) vegetation type (CLC data of 2018), (b) tree cover density (TCD), and
(c) NDVI within the territory of Montenegro

The multi-spectral satellite images (Sentinel2) being available at 10 m resolution, are derived via the
Semi-automatic classification plugin (SCP) in QGIS (Congedo, 2016; Leroux et al., 2018). Then, within the
Sentinel2 layers the band 4 (RED) and band 8 (NIR) are used in the calculation of NDVI index. The layers are
selected within the timeframe of the fire season and providing the minimum cloud coverage to maximize the
reliability of the calculation. At this step, the raster images used here belongs to 25th of July 2015 and have a
total cloud cover less than 1%.

Results

Multi-criteria inventory results
The first set of results in this study are derived from the inventory stage. As previously mentioned, at
this stage the reference points are calculated the absolute measures regarding each criterion. Figure 5 shows the
relative risk maps for each criterion represented by the respective measured value per each point location within
the vegetated surface (among 40586 points in total). The absolute values are reclassified into ten classes via
Jenks natural break optimization method, providing the minimum diversity within class and the maximum
variance among ten classes (McMaster and McMaster, 2002).
Besides the series of maps presented in Figure 5, the inventory stage delivers numerical information as
well. Table 1 presents the inventory values of each criterion reclassified into ten classes based on Jenks natural
break as provided via layer properties symbology in QGIS. For example, the monthly precipitation records
(average between 1970-2000) for July, show that the point location having the highest precipitation levels
scores at 90 mm. While the median value is 71 mm, the least value remains at 48 mm.
The remarkable difference between the minimum and maximum values is evident while comparing the
range of values among the listed criteria. The diversity in the range of values is inferable from the maximum
values presented in the last column at Table 1. For example, while TCD (F2), precipitation (E2), and slope
(P1) criteria are measured their respective top value at 99, 90, and 79.7, other criteria like NDVI (F3), altitude
(P3), and wind speed (E4), scores at 0.88, 2.4, and 3.6 respectively.
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Table 1. The inventory results including the upper bound, lower bound and breaking
normal distribution classes of WSCI indexing results for Montenegro
Criterion
Unit
Min
2
3
4
5
6
7
8
E1-Solar radiation
MJ m−2 19.2 20.1 20.4 20.6
20.9
21.1 21.4 21.7
E2-Precipitation
mm
48
56
60
63
66
69
72
75
E3-Max. temp.
°C
12.4
16
17.4 18.7
19.9
21
22.2 23.7
E4-Wind speed
m s−1
1.1
1.4
1.6
1.8
2
2.1
2.3
2.5
F1-Fuel type
NA
0
0
0
0
2
3
5
6
F2-TCD
%
0
6
17
29
40
51
61
70
F3-NDVI
ratio
-0.12 0.16 0.3
0.4
0.48
0.56 0.63 0.69
P1-Slope
%
0
5.5
9.6 13.7
17.9
22.4 27.3 32.8
P2-Aspect
NA
0
1
2
3
4
5
6
7
P3-Altitude
km
0
0.3
0.5
0.8
0.9
1.1
1.3
1.4
P4-Dist. water
km
0
3.4
6.2
8.9
11.8
14.8 18.1 21.7
S1-Dist. Urban
km
0.05
3.7
6.4
8.8
11.3
14
17
20.3
S3-Dist. any road
km
0.02
1.5
2.8
4.1
5.3
6.7
8.3
9.9
S4-Dist. main road
km
0
0.5
0.9
1.3
1.8
2.3
2.8
3.4
WSCI
0.07 0.21 0.26 0.31 0.36 0.41 0.47 0.51
WSCI norm.
0
0.25 0.33 0.41 0.49 0.58 0.66 0.73

values of Jenks
9
22.9
78
25.6
2.7
7
77
0.75
39.2
8
1.6
25.6
24
11.8
4.2
0.56
0.79

10
22.3
81
27.5
2.9
8
84
0.8
48.5
9
1.8
30.6
29.3
14.3
5.3
0.6
0.85

max
22.9
90
30.6
3.6
9
99
0.88
79.7
10
2.4
42.8
38.5
20.2
8.3
0.7
1.00

The diversity within the range of absolute values urges for a normalizing procedure before the indexing
phase. While Jenks natural break is utilized just for visual representation of the results, the min–max
normalizing technique is used here to reclassify each set of values per each criterion into a normalized range of
values between 0 and 1 (Eq. 1). When the upper and lower bounds of the range are identifiable, this normalizing
method is accepted to be the most appropriate normalizing alternative (Jain et al., 2005).
Nor
(1)
Normalized (X’) = X’ – minimum(X) / maximum(X) – minimum(X)
Referring to the normalized values, the minimum and maximum values score 0 and 1 respectively. While
the normalized median values considerably vary within the range between 0 and 1. The last rows of Table 1
show the WSCI index value as calculated via equation 2. The row of WSCI values range between 0.068 and
0.705, marking a median of 0.469. These results are represented both via their spatial coverage on the map of
Montenegro (see Figure 6) and the histogram showing the frequency of the distribution (see Figure 7) of each
WSCI value.
Besides the normalized inventory values, the other half of WSCI calculation relies on the weighted
coefficient or the relative impact factor for each criterion. It is worth to restate here that this need relies on the
assumption that not all criteria have equal impact on the wildfire spreading capacity of vegetated surfaces. As
briefly explained in the methods section, the weights are assigned via AHP pairwise comparison method. AHP
is applied in three steps utilizing the semi-automated tool developed by Goepel (2018). The pairwise
comparison is based on literature review and brainstorm aiming to keep at minimum the consistency ratio
(CR).
First, the main four categories (social, climatic-environment, physical, and fuel) are weighted in
comparison with each other as presented in the ‘IF (category)’ row of Table 2. According to the results, the
weighted value of fuel is 0.57. In other words, in means that 57% of the WSCI index value will be dependent
on the criteria regarding fuel properties of the vegetated surfaces. While, social, climatic, and physical criteria
score IF category values of 0.07, 0.24, and 0.12, respectively.
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Figure 5. The territory of Montenegro including natural vegetation
(a), and the relative risk map for each criterion; dist. to urban centers (b), dist. to main road (c), dist. to any road (d),
solar radiation (e), precipitation (f), maximum temperature (g) wind speed (h), slope (i), aspect (j), elevation (k),
distance to water (l), vegetation type-CLC (m), tree cover density (n), NDVI (o).
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Aspect

Altitude

Dist. to water

P2

P3

P4

F1 Fuel type (CLC)

+

+

+

-

+

+

NDVI

Slope
P1

+

F3

Wind speed
E4

-

Tree Cover
Density

E3 Maximum temp.

+

F2

Precipitation

+

E2

+

Solar radiation

S4 Dist. to main road

+

E1

S3 Dist. to any road

Relevancy
IF (within
category)
IF
(category)
IF
(βj)

Dist. to urban
center

Criteria

S1

Table 2. Multi-criteria used in WSCI index calculation, including their respective relevancy and their
impact factor within and among categories (βj)
Social
Climatic
Physical
Fuel

+

-

0.24 0.09 0.67 0.05 0.20 0.09 0.66 0.27

0.11 0.05 0.57 0.14 0.54 0.32

0.07 0.07 0.07 0.24 0.24 0.24 0.24 0.12

0.12 0.12 0.12 0.57 0.57 0.57 1.00

0.02 0.01 0.05 0.01 0.05 0.02 0.16 0.03

0.01 0.01 0.07 0.07 0.30 0.18 1.00

Then, the criteria within each main category are weighted based on a pairwise comparison among each
other, as shown in ‘IF (within category)’ row. Distance to main road (S4), wind speed (E4), distance to water
(P4), and TCD (F2) score the highest IF within category values (0.67, 0.66, 0.57, and 0.54, respectively). The
final weighted factor is calculated as the products of the former two, as shown in the bottom row ‘IF (βj)’ of the
same table.
Table 2 includes a further detail in the first row. It consists of relevancy factor for each criterion in
reference with the wildfire spreading behaviour. Some criteria are directly related with the wildfire spreading
capacity, while others are inversely related. For example, the larger the distance from urban centres, distance to
road network, the slope, or the distance to water sources, the larger the wildfire spreading capacity of a certain
location within the forest. In other words, the closer all these land uses the greater chances for a quicker
firefighting mission and fire suppression.
On the other hand, some criteria are indirectly related with wildfire spreading behaviour. For instance,
the larger the precipitation or the altitude values the lower the spreading chances of a wildfire at that specific
location. The indexing stage consists of the field calculation procedure in QGIS using the WSCI equation (Eq.
2). The calculation of WSCI consists of the sum of the products between the normalized inventory
measurement (Cj) and the weighted impact factor (βj) per each criterion:
(2)
where, βj is the weighted value of criterion j, and Cj is the normalized inventory value of criterion j.

WSCI indexing of vegetated surfaces in Montenegro
The indexing result of the workflow is presented in Figure 6. The map shows the final set of reference
points being loaded the unique WSCI value according to the above-mentioned procedure. The index values
are normalized and mapped after being reclassified into ten classes. The reclassification is following again the
Jenks natural break, which is a useful optimization method in comparative studies since it visually highlights
the differences among new classes. In the map, this difference is visualized via a colour palette of blue-yellowred gradient, where the red colour indicates high level of wildfire spreading capacities.
Referring to Figure 6, most of the reddish point are located either in the Adriatic coastal lands or along
the south-eastern boundaries of the country. The former one is indicated mostly by the flammable vegetation
type of a thick tree cover along the Mediterranean coast and the strong coastal winds. Both conditions,
significantly contributes to the wildfire spreading capacities. While the second critical area is characterized by
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again dense tree cover layer being remotely located from the urban centres. While, these areas may have lower
chances for forest fire ignition, they have significant wildfire spreading capacities if a forest fire occurs.
The reddish zones close to the south eastern and northern borders of Montenegro are crucial regarding
the trans-boundary wildfire risk reduction. This is important as both neighbour countries, Albania and BosniaHerzegovina have considerable forested lands in the other side of their shared border with Montenegro.
Moreover, the cross-boundary condition of wildfire risk is crucial in local scale as well, where the
fragmentation in local administration systems and inefficiencies in risk planning must be aimed by
neighbouring municipalities (Ager et al., 2018). According to Figure 6, there are critical zones shared between
different local administrative regions in Montenegro. For instance, Kolasin, Andrrjevica, and Podgorica are
sharing an area of relatively high levels of wildfire spreading capacities. While, Kolasin faces an opposite
condition along the local administrative border shared with Savnik and Niksic.

Figure 6. The results of the normalized WSCI indexing values of Montenegro
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The frequency distribution of WSCI values among 40586 points locations is presented in Figure 7a.
First, the references points layer (shp) is converted into a raster layer. Each pixel within the raster layer
represents a single point and is loaded a single band value (WSCI index). The histogram chart is generated via
the raster layer properties in QGIS. According to the histogram, the WSCI values being predominantly
frequent are approximately at 0.56 (in normalized values it is 0.8), while a secondary peak is marked at 0.30
(normalized as 0.35). Figure 7a shows that considerable amount of point locations belongs to areas of high
wildfire spread capacities.

Figure 7. Histogram chart of the frequency of WSCI values (a) and scatter plot of WSCI to WIPI values
for the territory of Montenegro (b) (the values of points within burned areas are highlighted in red circles)

Discussion
The validation stage relies on the comparative evaluation of the model results between the full set of
points and the ones belonging to the burned surfaces. The information about the past fire events in this study
is derived from CLC data, being documented under a specific land cover class entitled as ‘burned area’ (coded
as 334). Since, one of the main goals of the study was to test the usefulness of introducing fuel properties
(NDVI, TCD, and fuel type) into the WSCI, the validation procedure is split into two. WSCI values are
simultaneously calculated as WSCI (including fuel properties) and WSCI_ESP (including just the
environmental, social, and physical criteria). Then, for both cases, the WSCI results of the reference points
which overlap with the burned surfaces (279 points out of 40586 in total) are compared to the values of the
remaining ones, as previously shown in Figure 7b.
Moreover, the importance of cross-boundary fire risk among local administrative units necessitates
analysis at municipality level as well. Figure 8 presents the box plot of WSCI and WSCI_ESP index values (not
normalized) per each municipality in Montenegro. According to both box plots, the diversity among
municipalities is higher in the case of WSCI_ESP values (Figure 8a). While the introduction of fuel properties
into the model shifts the variance among municipalities towards a more stable state (see Figure 8b) especially
regarding the lower and upper bounds of the range of values of each municipality.
Rozaje have the highest WSCI values (including the outliers in dots), based not only on the minimum
and the maximum values, but also on the median and the set ranges of 3rd and 4th quartile. This fact is obvious
in Figure 6, in which the territory of Rozaje is dominated by red colour. On the other hand, the territory of the
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capital municipality of Podgorica has the widest range of WSCI values in both plots, with no outliers. This is
on the same line with the graphical information delivered by WSCI map (Figure 6), where the diversity among
values is stretched into a gradient of red-yellow-blue palette within the borders of Podgorica.

Figure 8. Box plot of WSCI (a) and WSCI_ESP (b) values distribution per municipality in Montenegro

We tested further the introduction of fuel properties (WSCI) compared with the previous model
(WSCI_ESP) by comparing their performance via ROC curve analysis as shown in Figure 9. The analysis is
performed in SPSS. The records of burned surfaces are counted as positive cases of the test to calculate the
sensitivity of the model. Figure 9 presents the result of the analysis in three means. First the ROC curve (Figure
9a) shows that the introduction of fuel properties has decreased the sensitivity of the model. The overall model
quality chart (Figure 9b) supports further this result, by indicating a quality coefficient of 0.55 in case of
WSCI_ESP and 0.33 for WSCI. Furthermore, the area under the ROC curve (AUC) of WSCI_ESP is 63%
larger than WSCI (Figure 9c), implying for a better performance of the model without including the fuel
properties.
Even though the WSCI model sensitivity resulted to be low at national scale, this is not always the case
at local scale. The sensitivity level of the updated model which includes the fuel properties, is diverse among
different municipalities in Montenegro. Figure 10 presents a comparative ROC curve analysis of the WSCI
model between the municipalities of Pluzine and Danilovgrad. According to ROC curve chart (Figure 10a) the
new model is significantly more sensitive for the territory of Pluzine in comparison to the area of Danilovgrad,
scoring AUC values of 0.622 and 0.283 respectively (Figure 10b). While the overall model quality value is
calculated as 0.57 for Pluzine, it stands at 0.01 for Danilovgrad (Figure 10c).
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Figure 9. Comparative values of ROC curve (a), overall model quality (b), and AUC between WSCI and
WSCI_ESP (counting only the environmental, social and physical criteria).

Figure 10. Comparative values of ROC curve (a), overall model quality (b), and AUC (c) between the
municipality of Plizine and Danilovgrad

At first look, the results of ROC curve analysis both at national and local levels can be considered
contradictory with the objectives of the study or negative results. In other words, it can lead to a conclusion
that the model is more successful without the inclusion of criteria about fuel properties. Yet, there are certain
issues that must be discussed beyond the numerical results.
First, the proposed model is not aimed to be a mere predictive tool for the locations where future fire
events may happen. But it is a tool for quantifying the fire spreading capacities after occurrence. So, among the
vegetated surfaces which have been the target of this study, there may be areas of great wildfire spreading
capacities. However, these areas may have not faced a fire occurrence yet. While other locations with a relatively
lower WSCI value may have faced a fire ignition that have expanded into a wildfire burning at least a vegetated
surface of 25ha (based on CLC evidences). This possible scenario implies that the location points within the
burned surfaces do not have to score highest WSCI value since wildfire spreading is dependent to fire ignition.
Thus, an integrated model that simultaneously considers the ignition and spreading criteria is crucial to be
studied further.
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Yet the model can be improved further. For example, the AHP is used to assign the relative impact factor
for each criterion based on literature review and brainstorm. The later implies for a certain subjectivity which
is reflected in the results as well. This can be considered a drawback especially when we count for the specificity
of each study area in relation to driving forces of wildfire events. Thus, more rational method for assigning the
relative impact factors must be developed. Future studies may apply the ROC curve analysis workflow in the
opposite direction. Consequently, ROC curve analysis may assist in assigning the relative impact factors for
each criterion in WSCI model. The AUC values of each criterion can be normalized as relative impact factor
in WSCI calculation.

Conclusions
This paper presented an improved version of the GIS based method developed by Hysa and Baskaya
(2019) for indexing the forest surfaces by their wildfire spreading capacity (WSCI). Relying on the original set
of criteria, this study introduced three new factors regarding the fuel properties of the vegetated surfaces.
Vegetation type in reference with flammability, the tree cover density, and the NDVI values were introduced
as evidence about the composition of the fuel. The new criteria are informed by geospatial raw data being
accessible as open source.
The process was stretched into five stages including the preliminary work, inventory measurements,
refinement (normalizing and weighting via AHP), indexing via WSCI equation, and the validation based on
CLC evidences and ROC curve analysis method. The workflow was modelled in Graphical Modeler in QGIS
software enabling considerable reduction in processing time and easier reproducibility of the method to other
study areas.
A crucial stage of the process is the validation procedure which at this point relies on a single evidence
such as the burned areas being reported within CLC data. The reliability of the method could be extensively
enhanced by comparing the model results with the historical data about the wildfire occurrences and their
intensity within the study area. ROC curve analysis resulted suitable as a validation mean. Yet, further
improvements of the method were suggested in the discussion part.
According to the results presented in this study, it can be concluded that the vegetated surfaces within
Montenegro that are located along the coastal zone and along the south-eastern boundaries hold the highest
wildfire spreading capacities. The territories along the Adriatic coast are critical as the majority of the touristic
and year around social activities are located. An increased wildfire spreading risk is crucial to be properly
managed during the pre-occurrence phase in these areas as the vulnerability is the highest. Similarly, the second
hotspot being highlighted by the results of this study has a clear overlap with the protected natural reserves of
both national and international importance. The trans-boundary forest surface shared with Albania in the
south are crucial part of the extended Balkan Green Belt (Geidezis and Kreutz, 2012).
Finally, the results of the study are useful in support of disaster risk management and preventive
measurements especially during the pre-occurrence phase. The WSCI map is helpful in highlighting hotspots
within the territory of Montenegro that must be carefully managed by the respective institutions at both local
and national levels.

Authors’ Contributions
Conceptualization: AH; Methodology: AH; Software: AH; Calculations: AH; Literature: AH and VS;
Data curation, AH; Writing-original draft preparation, AH; Writing-review and editing: AH and VS;
Visualization: AH; funding acquisition, AH and VS.
The authors read and approved the final text of the manuscript.
2381

Hysa A and Spalevic V (2020). Not Bot Horti Agrobo 48(4):2368-2384

Acknowledgements
This study is inspired by the synergy generated among the FIRElinks community within the Cost action
CA18135. Moreover, it is motivated by the international conference - GEA 2020 - organized by the University
of Montenegro.
The hereby work was accepted and presented at the GEA (Geo Eco-Eco Agro) International
Conference 28 May 2020, Podgorica, Montenegro, and it has been published as abstract in “Book of Abstracts”
(http://www.gea.ucg.ac.me/page.php?id=64).

Conflict of Interests
The authors declare that there are no conflicts of interest related to this article.

References
Adger N, Aggarwal P, Agrawala S, Alcamo J, Allali A, Anisimov O, … Yohe G (2007). Climate change 2007: impacts,
adaptation and vulnerability. Summary for policymakers. Intergovernmental Panel on Climate Change in
Brussels. Retrieved 2020 May 5 from https://www.researchgate.net/publication/ 220042209
Ager AA, Palaiologou P, Evers CR, Day MA, Barros AM (2018). Assessing transboundary wildfire exposure in the
southwestern United States. Risk Analysis 38(10):2105-2127. https://doi.org/10.1111/risa.12999
Andelic M, Dees M, Pantic D, Borota D, Sljukic B, Curovic M (2011). Status of forest resources of Montenegro.
Agriculture & Forestry 57(3):39-52.
Anðic B, Dragicevic S, Stesevic D (2013). Bryophyte Flora of "Forest Park Gorica" (Podgorica, Montenegro). Agriculture
& Forestry 59(4):143-151.
Beguería S, Lana-Renault N, Regüés D, Nadal-Romero E, Serrano-Muela P, García-Ruiz JM (2007). Erosion and sediment
transport processes in Mediterranean mountain basins. In: Navarro PG, Playán E (Eds). Numerical Modelling
of Hydrodynamics for Water Resources: Proceedings of the Conference on Numerical Modelling of
Hydrodynamic Systems. CRC Press pp 187-200. https://doi.org/10.1201/9781482288513
Burić D, Luković J, Ducić V, Dragojlović J, Doderović M (2014). Recent trends in daily temperature extremes over
southern Montenegro (1951-2010). Natural Hazards and Earth System Sciences 14(1):67-72.

https://doi.org/10.5194/nhess-14-67-2014
Büttner G (2014). CORINE Land Cover and Land Cover Change Products. In: Manakos I, Braun M (Eds), Land Use
and Land Cover Mapping in Europe: Practices & Trends. Springer, Dordrecht, Netherlands pp 55-74.

https://doi.org/10.1007/978-94-007-7969-3_5
Chapin FS, Trainor SF, Huntington O, Lovecraft AL, Zavaleta E, Natcher DC, Fresco N (2008). Increasing wildfire in
Alaska's boreal forest: pathways to potential solutions of a wicked problem. BioScience 58(6):531-540.

https://doi.org/10.1641/B580609
Chen J, Jönsson P, Tamura M, Gu Z, Matsushita B, Eklundh L (2004). A simple method for reconstructing a high-quality
NDVI time-series data set based on the Savitzky-Golay filter. Remote sensing of Environment 91(3-4):332-344.

https://doi.org/10.1016/j.rse.2004.03.014
Congedo L (2016). Semi-automatic classification plugin documentation. Release 4:29.
Costa L, Thonicke K, Poulter B, Badeck FW (2011). Sensitivity of Portuguese forest fires to climatic, human, and
landscape variables: subnational differences between fire drivers in extreme fire years and decadal
averages. Regional Environmental Change 11(3):543-551. https://doi.org/10.1007/s10113-010-0169-6
Dees M, Andjelic M, Fetic A, Jokanovic B, Tepavcevic V, Borota D, ... Terzic D (2013). The first national forest inventory
of Montenegro. Ministry of Agriculture and Rural Development, Government of Montenegro. Retrieved 2020
May 6 from https://www.researchgate.net/publication/296561640
Fick SE, Hijmans RJ (2017). WorldClim 2: new 1km spatial resolution climate surfaces for global land areas. International
Journal of Climatology 37(12):4302-4315. https://doi.org/10.1002/joc.5086

2382

Hysa A and Spalevic V (2020). Not Bot Horti Agrobo 48(4):2368-2384
Frankl A, Lenaerts T, Radusinović S, Spalevic V, Nyssen J (2016). The regional geomorphology of Montenegro mapped
using
Land
Surface
Parameters. Zeitschrift
für
Geomorphologie 60(1):21-34.

https://doi.org/10.1127/zfg/2016/0221
Geidezis L, Kreutz M (2012). Green Belt Europe–Structure of the initiative and significance for a pan European ecological
network. In: Marschall I, Gather M, Muller M (Eds). Proceedings of the first GreenNet conference: The Green
Belt as a European Ecological Network-strengths and gaps. University of Applied sciences Erfurt, Germany pp
12-22. https://www.researchgate.net/publication/280836949
Goepel KD (2018). Implementation of an Online Software Tool for the Analytic Hierarchy Process (AHP-OS).
International
Journal
of
the
Analytic
Hierarchy
Process
10(3):469-487.

https://doi.org/10.13033/ijahp.v10i3.590
Hysa A, Başkaya FAT (2019). A GIS based method for indexing the broad-leaved forest surfaces by their wildfire ignition
probability and wildfire spreading capacity. Modeling Earth Systems and Environment 5(1):71-84.

https://doi.org/10.1007/s40808-018-0519-9
Hysa A, Teqja Z (2020). Counting fuel properties as input in the wildfire spreading capacities of vegetated surfaces: case
of
Albania. Notulae
Botanicae
Horti
Agrobotanici
Cluj-Napoca 48(3):1667-1682.

https://doi.org/10.15835/nbha48311994
Hysa A, Zeka E, Dervishi S (2017). Multi-criteria inventory of burned areas in landscape scale; Case of Albania. In: Laban
M, Milanko V, Nielsen L, Osvaldova LM, Pojani E (Eds). Proceedings of K-FORCE first Symposium. Higher
Education Technical School of Professional Studies, University of Novi Sad, Serbia pp 86-100.

https://www.researchgate.net/publication/320016635
Jain A, Nandakumar K, Ross A (2005). Score normalization in multimodal biometric systems. Pattern
recognition 38(12):2270-2285. https://doi.org/10.1016/j.patcog.2005.01.012
Kovacevic N (2011). Study on forestry and nature protection in Montenegro. Podgorica, WWF. Retrieved 2020 May 6
from http://awsassets.panda.org/downloads/study on forestry and nature protection in montenegro.pdf
Lelieveld J, Hadjinicolaou P, Kostopoulou E, Chenoweth J, El Maayar M, Giannakopoulos C, ... Xoplaki E (2012).
Climate change and impacts in the Eastern Mediterranean and the Middle East. Climatic change 114(3-4):667687. https://doi.org/10.1007/s10584-012-0418-4
Leon JRR, Van Leeuwen WJ, Casady GM (2012). Using MODIS-NDVI for the modeling of post-wildfire vegetation
response as a function of environmental conditions and pre-fire restoration treatments. Remote
Sensing 4(3):598-621. https://doi.org/10.3390/rs4030598
Leroux L, Congedo L, Bellón B, Gaetano R, Bégué A (2018). Land cover mapping using Sentinel‐2 images and the semi‐
automatic classification plugin: A Northern Burkina Faso case study. In: Baghdadi N, Mallet C, Zribi M (Eds).
QGIS and Applications in Agriculture and Forest. ISTE Ltd and John Wiley & Sons, Inc. pp 119-151.

https://doi.org/10.1002/9781119457107.ch4
Levin N, Tessler N, Smith A, McAlpine C (2016). The human and physical determinants of wildfires and burnt areas in
Israel. Environmental Management 58(3):549-562. https://doi.org/10.1007/s00267-016-0715-1
McMaster R, McMaster S (2002). A history of twentieth-century American academic cartography. Cartography and
Geographic Information Science 29(3):305-321. https://doi.org/10.1559/152304002782008486
Moriondo M, Good P, Durao R, Bindi M, Giannakopoulos C, Corte-Real J (2006). Potential impact of climate change
on fire risk in the Mediterranean area. Climate research 31(1):85-95. https://doi.org/10.3354/CR031085
Nemeth A (2015). Forest fires in South Eastern Europe. Regional Environmental Center for Central and Eastern Europe.
Retrieved 2020 April 30 from http://www.rec.org/publication.php?id=505
Nikolic G, Spalevic V, Curovic M, Darvishan AK, Skataric G, Pajic M, ... Tanaskovik V (2019). Variability of soil erosion
intensity due to vegetation cover changes: Case study of Orahovacka Rijeka, Montenegro. Notulae Botanicae
Horti Agrobotanici Cluj-Napoca 47(1):237-248. https://doi.org/10.15835/nbha47111310
Nyssen J, den Branden JV, Spalević V, Frankl A, Van De Velde L, Čurović M, Billi P (2014). Twentieth century land
resilience in Montenegro and consequent hydrological response. Land Degradation & Development 25(4):336349. https://doi.org/10.1002/ldr.2143
Rajović G, Bulatović J (2013). Some aspects of geographic view on economy: the case northeastern
Montenegro. International
Letters
of
Social
and
Humanistic
Sciences 6:49-61.

https://doi.org/10.18052/www.scipress.com/ILSHS.6.49
Stefanidis S, Stathis D (2013). Assessment of flood hazard based on natural and anthropogenic factors using analytic
hierarchy process (AHP). Natural Hazards 68(2):569-585. https://doi.org/10.1007/s11069-013-0639-5

2383

Hysa A and Spalevic V (2020). Not Bot Horti Agrobo 48(4):2368-2384
Wraber T (1983). Map of natural potential vegetation of SFR Yugoslavia, scale 1:1 000 000. Jovan Hadži Biological
Institute ZRC SAZU, Skopje

The journal offers free, immediate, and unrestricted access to peer-reviewed research and scholarly work. Users are
allowed to read, download, copy, distribute, print, search, or link to the full texts of the articles, or use them for any
other lawful purpose, without asking prior permission from the publisher or the author.
License - Articles published in Notulae Botanicae Horti Agrobotanici Cluj
Cluj--Napoca are Open-Access,
distributed under the terms and conditions of the Creative Commons Attribution (CC BY 4.0) License.
© Articles by the authors; UASVM, Cluj-Napoca, Romania. The journal allows the author(s) to hold the
copyright/to retain publishing rights without restriction.

2384

